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Preface

This book collects the Iectures giver at the NATO Advanced Study Institute
From ldenti.fication to Leatni.ng held in Villa Olmo, Como, Italy, from August
22 to September 2, 1994.

The school was devoted to the themes of ld.entification, Ad,aptation and
Learning, as they are currently understood in the Information and Control
engineering community, their development in the last few decades, their inter-
conrectiors and their applications. These titles describe challenging, exciting
and rapidly growing research areas which are of interest both to control and
communication engineers and to statisticians and computer scientists_

In accordance with the general goals ofthe Institute, and notwithstanding
the rather advanced level of the topics discussed, the presentations have been
generally kept at a fairly tutorial level. For this reason this book should be
valuable to a variety of rearchers and to graduate students interested in the
general area of Control, Signals and Information Processing. As the goal of
the school was to explore a common methodological line of r.eading the issues,
the flavor is quite interdisciplinary. We regard this as au original and valuable
feature of this book.

During the two weeks of the school at Villa Olmo we have experienced a
unique atmosphere and a most remarkable climate of interaction and com-
munication between the outstanding experts gathered in Como for this occa-
sion. It is remarkable that some of them hardly ever meet at conferences or
at scientific meetings as their diferent fields have traditionally evolved along
sepalate lines. The openness and active participation in discussions by both
students and speakers, was a major point for the success of this Advanced
Study Institute. The editors of this volume would like to thank a.ll lecturers,
and the remaining members of the Organizing Committee, S.K. Mitter and
Jan C. Willems, for their helpful advice.

Ihe superb local organization provided by the Centro di CuLtum Sci,-
entifr,ca Alessandro l/olla deserves a primary acknowledgement, for it was a
major factor for the smooth development of the school. Special thanks go
to Manuela toglio for her care in the general orga.nizational aspects, and to
Enanuela Salati for her kindness and patience in dealing with daily pr.oblems
of students and teachers.



VIII Preface

Lnst but not least, we would like to thank NATO for believing in this
project and for the generous support of the Institute, and the Consiglio
Nazionale delle fucerche (CNR) of ltaly which also provided financial fund-
ing. The general support of the Dipaftimento d,i Elettronica e Informaz.ione
of the PoliLecnico di Mileno is also gratefully acknowledged.

The final software layout of the book is due to Stefano Bertoncello, with
the assistance of Marco Lovera.

March 1996 Sergio Bittanti and Giorgio Picci
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